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A Powerful, Flexible, and Intuitive Framework.for Neural Networks
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CuPy
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KMeans, Gaussian Mixture ModelZi & D Example D 3T 3E

https://github.com/cupy/cupy

import numpy as np

X
W

y

import cupy as cp
X = cp.random.rand(10)
W = cp.random.rand(10, 5)

np.random.rand(10)
np.random.rand(10, 5)
np.dot(x, W)

y = cp.dot(x, W) ’_q.
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Faster R-CNN, Single Shot Multibox Detector (SSD), SegNet, etc.
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See the details in:
https://github.com/chainer/chainerui
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Chainer
OH Chemistry Chemical property
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OH LT - internal energy
AN R
Hom T > = m) - HOMOILUMO
NG - - toxity
,.', etc...
Molecule structure Deep leaming

See the details in:
https://github.com/pfnet-research/chainer-chemistry
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ResNet50 ImageNet Training Acceleration
(against 8 GPUs baseline)
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Hannun,A., et. al: Deep Speech: Scaling up end—to—end speech recognition, 2014
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Leon,A., et. al: A Neural Algorithm of Artistic Style, 2015

2018/03/15 https://research.preferredjp/2015/09/chainer-gogh/
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Milcolov, T., et. al: Linguistic Regularities in Continuous Space Word Representation
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ResNet50 ImageNet Training Acceleration
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(against 8 GPUs baseline)
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Chainer on Colaboratory

r trainer.run{)

v 9
] G I *i u 0) ;:g% ms I_‘I %I \\J_) l/ o epoch main/loss main/accuracy validation/main/loss validation/main/accuracy elapsed_time
Oog e Y % 1 0.561374 0.836487 0.253428 0.926622 2.86607
2 0.230985 0.933186  0.185004 0.9464 6.24812
C I b 'E: A S ' - 3 0.175398 0.949594  0.152705 0.954213 9.56626
O a Orato ry - 7 S 4 0.14344 0.958383 0.140589 0.956586 12.9332
— < S 0.121017 0.965152  0.114424 0.964794 16.2746
Ch . = - &b‘ -G 6 0.103187 0.970183 0.104435 0.96875 19.686
a I n e r |:|I — 7 0.0910037 0.973664  0.0984309 0.969541 23.0432
8 0.0803472 0.976529 0.101964 0.967761 26.3992
9

- ~ Ab 0.0715275 0.979011 0.0918814 0.970926 29.7507
C h ro m e b\ b *IJ m |:| I ﬁ E 10 0.0651606 0.981027 0.0872698 0.973794 33.1.533
r from IPython.dispIay import Image
: Image('mnist_result/loss.png")

* GoogleRSADISEETE D -
T—HERBRICH B ARE
) :EB Z)/\/ ~ n:\ *sl’ ;Image('mnist_re_SL_J_lt/_ac-curaf:y-:;_)rjg‘)

b -

" https://goo.gl/aFYYS
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